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ABSTRACT

This study suggests an efficient algorithm for updating diécovered association rules in
large database, because a database may allow frequent or occasional updates, and such
updates may not only invalidate some existing strong association rules, but also turn some
weak rules into strong ones.

FUP and DMI update efficiently strong association rules in the whole updated database
reusing the information of the old large item-sets. Moreover, these algorithms use a
pruning technique for reducing the database size in the update process.

This study updates strong association rules efficiently in the whole updated database
reusing the information of the old large item-sets. An updating algorithm that is suggested
in this study generates the whole candidate item-sets at once in an incremental database
in view of the fact that it is difficult to find the new set of large item-sets in the whole
updated database after an incremental database is added to the original database. This
method of generating candidate item-sets is different from that of FUP and DML

After generating the whole candidate item-sets, if each item-set in the whole candidate
item-sets is large at an incremental database, the original database is scanned and the
support of each item-set in the whole candidate item-sets is updated. So, the whole large
item-sets in the whole updated database is found out.

An updating algorithm that is suggested in this study does not use a pruning
technique for reducing the database size in the update process. As a result, an updating
algorithm that is suggested updates fast and efficiently discovered large item-sets.
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Scan db to find L' 4,;
Generate C, 4, based on L' 4, H,;
k=2;
While( Cppy # D) {

Generate C. g, from Cy, by Apriori;
}
L'w=L\a -Ls
For (k=2; Cyay # D k++) {

Cuaty = Chary — Lis
}
Scan db to find supports of itemsets in Ly, Cy ), for k 2 2;
For(k=1;L, #J; k++){

For allX € L,

If X quppor2s X (Dd)
Then L', = L', U{X};

}
Generate W, (k 2 1) from L"), Cya,fork 2 2;
If(W22){

Scan DB to count supports of itemsets in I,

ForallX € W,
I X ppor2s X (DHd)
Then L', =L, U{X};
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