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Jong-Sik Je *
2 o
AH ASE Al UM EAl ARSshe YL HBRE sl 428 Byshe e A
&3tz Qo
oj7]ol Neural NetworksE °| 83l 712 dlo|g& BAstm vlmato 2] &% o) 71 B4 =}
BEE 288 F USE ol A7 BHE

Abstract

In measuring human body, the present method involves actual measuring of the subject
and analysis of the measured value.

means of Neural Networks,

In this paper study set up the purpose of analysing & comparing the exiting data by
hence forth.

so that can be virtually used as various analysing materials
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21 1. The Structure of Neural Network
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