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Abstract

The learning order of teaching materials to be a learning data in CAI is arranged
from an easy item to a difficult one. A learning in not necessary to be learned arranged
this order. Actually the learning is done by the rules of trial and error on the sequences
of an arrangement among items. In this papers, the constructed is modelled by the fuzzy
inference after leaning the understanding on items by the intelligent CAI through the
rule of trial and error of fuzziness. Given the difference of leaning and understanding,
the leaning model is quantified by the order relationship among items and by the rules of
fuzzy inference. The rule of trial and error of learning is restricted to the treatment of

CAL system minimizing the rules of inference.
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