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Abstract

This paper proposes a new echo canceller that can be used in a full-duplex digital subscriber loop
modem. The proposed echo canceller uses a NLMS-based parallel adaptation NLMS (PA-NLMS)
algorithm. The PA-NLMS algorithm that an estimate of the nonstationarity to additive noise ratio
(NNR) gained from two distinct NLMS processes is used to select the value of NLMS convergence-
controlling parameter has been developed. Numerical resuits based on computer simulation show that
the proposed algorithm has a convergence rate approaching that of the fastest possible NLMS process
while improving on its MAC performance considerably.
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Fig. 1. Basic configuration of echo canceller.
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