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Color Image Analysis of Histological Tissue Sections
Heung-Kook Choi'

ABSTRACT

In this paper, we suggest a new direct method for image segmentation using texture and color information combined
through a mutivariate finear discriminant algorithm. The color texture is computed in mine 3X3 masks obtained from
cach 3x3x3 spatio-spectral neighborhood in the image using the classical Haralick and Pressman texture features.
Among these 3x28 texture features the best set was extracted from a training set. The resulting set of 10 features
were used to segment an image into four different regions. The resulting segmentation was compared to classical color
and texture segmentation methods using both box classifiers and maximum likelihood classification. 1t compared
favourably on the test image from a Fastred-Lightgreen stained prostatic histological tissue section based on visual
inspection. The classification accuracy of 975% for the new method obtained on the training data was also among the
best of the tested methods. If these results hold for a larger set of images, this method should be a useful tool for
segmenting Images where both color and texture are relevant for the segmentation process.
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