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An Improved Memory Based Reasoning using the
Fixed Partition Averaging Algorithm

Tae-Sun Cheong' - Hyeong-1l Lee'" - Chung-Hwa Yoon'''

ABSTRACT

In this paper. we proposed the IFPAFINed Partition: Averaging) algorithm i order to mprove the storage requirement
and classification time of Memory Based Reasoning method. The proposed method enables us to use the storage more
officiently by extracting representatives out of training patterns. After partilioning the pattern space into a fixed number
of equally sized hyperrectangles, it averages patterns in cach hyperrectangle to extract a represenlative. Also we have
used the mutual information  between the features and classes as weights for {eatures to improve the classification

performance.
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