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(An Automatic Cooperative Coordination Model for the
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Abstract Agent-based systems technology has generated lots of excitement in these
years because of its promise as a new paradigm for conceptualizing. designing, and
implementing software systems. Especially, there has been many researches for multiagent
system because of the characteristics that it fits to the distributed and open Internet
environments. In a multiagent system, agents must cooperate with each other through a
coordination procedure, when the conflicts between agents arise, where those are caused
by the point that each action acts for a purpose separately without coordination. But.
previous researches for coordination methods in multiagent system have a deficiency that
they can not solve correctly the cooperation problem between agents which have different
goals in dynamic environment.

In this paper. we solve the cooperation problem of multiagent that has multiple goals
in a dynamic environment. with an automatic cooperative coordination model using
reinforcement learning. We will show the two pursuit problems that we extend a
traditional problem in multiagent systems area for modeling the restriction in the
multiple goals in a dynamic environment. and we have verified the validity of the
proposed model with an experiment.

Keywords Agent. Reinforcement Learning. Coordination
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