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Abstract

This paper presents a fast multiple vehicle tracking algorithm. This work is composed of a motion
segmentation stage which gets motion informations of moving objects from sequential images, and
a motion estimation stage which estimates the position and the motion of moving objects using
Kalman filter. For a fast tracking, the proposed algorithm employs two linear Kalman filters by
approximating motion informations based on Affine motion model and uses the predicted position
information in motion segmentation. In addition, a pattern recognition method is applied to solve data
association problem which is important in multi-target tracking. The proposed algorithm has been
applied to highway traffic scenes, and simulation results show that the accuracy and computation
time of the algorithm are good enough for a multiple vehicle tracking.
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