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Bayesian Analysis for Nonhomogeneous Poisson Process
Software Reliability
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Abstract

Bayesian approach using nonhomogeneous Poisson process is considered for modelling software
reliability problem. The usefulness of the iterative sampling-based method increases greatly as the
dimension of a problem increases. Maximum likelihood estimator and Gibbs estimator are derived.
Model selection based on a predictive likelihood is studied. A numerical example is given.
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AR o2 m(n=0FH)} HBABAHANN A F5E NojZtD 7PHT22ZAM NHPP(HZF
B GOSEE S Fxd 4 UuthH(Parzen 1962, p.143). o2 Azt3ly Aol GOSK 37 3
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BN, 0,D,~ I'(c+n, d+ N+ gx ) (3.6)
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8 5 23 5
9 6 24 14
10 5 25 5
11 6 26 6
12 5 27 6
13 1 28 1
14 2 29 6
15 5 30 10
<EIASRERY
S| R | Beum V| Bom | Bue
500 31.333% 0.008824
300 70 | 31.33434 0.008922
31.0088 0.00207
2000 50 | 3135833 0.008904
2000 70 | 3139831 0.008701
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S| R Binte Bore| Boion Bue
500 | 50 | 3237362 0.000491
500 70 3216149 0.000428
- 314723 0.000391
2000 50 32.84469 0.000437
20000 70 | 3201269 0.000429
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