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ABSTRACT

This paper presents the study on the rejection capability based on anti-phone modeling for vocabulary independent speech
recognition system. The rejection system detects and rejects out-of-vocabulary words which were not included in candidate
words which are defined while the speech recogmizer is made. The rejection systerz can be classified into two categories
by their implementation methods, keyword spotting method and utterance verification method. The keyword spotting method
uses an extra filler model as & candidate word as well as keyword models. The utierance verification method uses the and-
models for each phoneme for the calculaton of confidence score after it hes constructed the anti-models for all phonemes.
We implemented an utterance verification algorithm which can be used for vocabulary independent speech recognizer. We
also compared three kinds of means for the calculation of comfidence score, and found out that the geometric mean had
shown the best result; For the nomalization of confidence score, usually Sigmoid function is used. On wusing it, we com-
pared the effect of the weight constant for Sigmoid function and determined the optimal valve. And we compared the
effects of the size of cohont set , the resulis showed that the larger set gave the better resulis, And finally we found out
optimal confidence score threshold value, In case of using the threshold value, the overall recognition rate including rejection
errors was about 76%. This results are going 1o be adapted for stock informztion system based on speech recognizer
which is currently provided as an experimentai service by Korea Telecom.
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