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A Study on VQ/HMM using Nonlinear Clustering
and Smoothing Method

£3 VQ/HMMel| 3t oA

A4, A X
(Heui Suck Chung®, Chul Ho Kang®)

wo| @3 19983 Fadetn 2y Nedpy| ez £4a 3y

2 o

g w4 E olatAQl HMM(Hidden Markov Modely& o183 mdol 4 A2y S dely] Hyde
BENAZ] A 448 e GadEFS ALHZEN K-mensit LBG ARAEE o4 71T HMMA vl
2.16%2] AL FPAA £F HMMEEHF AN B3ET Gddojetz e sl AN EA5e) 24 E &
3] 918 SEH o= /MY smoothing VW& ALFHnZH AAFY YYAX 3.07%2] &S FEAZAG.

B R0 Aty THK) 2aAEES EF Afs AFTHE AP VQHMMAIME 7189 o ue siaks
¥ A94Y A3} Y7 AYgo] 466% ARHA

ABSTRACT

In this paper, a modified clustering algorithm is proposed to improve the discrimination of discrete HMM(Hidden
Markov Model), so that it has increased recogunition rate of 2.16% in comparison with the original HMM using the
K-means or LBG algorithm. And, for preventing the decrease of recognition rate because of insufficient training data at
the training scheme of HMM, a modified probabilistic smoothing method is proposed, which has increased recognition rate
of 3.07% for the speaker-independent case.

In the experiment applied the two proposed algorithums, the average rate of recognition has increased 4.66% for the

speaker-independent case in comparison with that of originel VQ/HMM,
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Table 6. The number of iterations for leaming of original

VQ/HMM.
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Table 7. The number of iterations for learning of VQ/HMM
with proposed algorithm.
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Fig. 2. Comparison of total recoguition rate.
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Fig. 3. Comparison of rtecognition rates on  speaker-

independent experimentation.
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