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ABSTRACT

This paper proposes use of acoustic parameters to improve the discriminability among digit models in Korean connected
digit recognition. The proposed method used the logarithmic values of energy ratio between the predetermined frequency
bands as additional feature parameters, based on the acoustic-phonetié knowledge. The results of our experiment show that
the proposed method reduced the error rate by 46% in comparison with the baseline system. And incorporation of channel

compensation technique in the proposed method yielded error reduction of about 69%.
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Fig.1. An example of spectrogram of the sound /chil-ilf.
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Table 1. Recognition rate of baseline system(%).

Mixture 7§4* =R E e
1 95.2 98.6
3 95.2 98.6
5 94.7 98.5
7 94.8 98.5
9 95.0 98.6
11 95.0 98.6
13 94.4 98.4
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Table 2. Recognition rates of the experiments using acoustic

paramelers.
33
A2 Foe A gﬂn:":m 239 | MdEA
- 3 95.2 98.6
El 3 954 98.7
E2 1 95.2 98.7
E3 1 94.7 98.5
E4 3 94.7 98.5
El, E2, E3 5 97.0 99.2
El, B2, E3(9)5%0d) 5 97.2 9.2
El, E2, E3(0] SRRy 2- 3% 3 974 99.3
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Table 3. Recognition rate of the experiments using channel
compensation techniques.

A$P AQ RA)E %2“‘“ £AQ | MERA
- 3 95.2 98.6
GCMS 7 97.4 99.3
LCMS 150ms s 97.4 99.3
LCMS 300ms 5 97.9 994
LCMS 450ms 7 97.3 99.4
RAST 3 97.5 99.3
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Table 4. Recognition rate of the experiments using additional
APs and channel compensation techniques.

g gelnd %%m 22 | HBxAH
N 3 952 (986
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