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Design of PID adaptive control system combining Genetic Algorithms
and Neural Networks

Yong-Gab Cho’, Jae-Hyung Park , Yoon-Mynug Park , Hyun-Jae Seo”, Boo-Kwi Choi
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Abstract

This paper is about how to deside the best parameter of PID controller, using Genetic Algorithms and Neural
Networks. Control by Genetic Algorithms, which is off-line pass, has weakness for disturbance. So we want to
improve like followings by adding Neural Network to controller and putting it on line. First we find PID
parameter by Genetic Algorithms in forward pass of Neural Network and set the best output condition according
to the increasing number of generation. Second, we explain the adaptability for disturbance with simulation by
correcting parameter by backpropagation learning rule by using the learning ability of Neural Network.
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