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Development of the Revised Self-Organizing Neural Network

for Robot Manipulator Control

Tachoon Koo - Jongtae Rhee

Industrial robots have increased in both the number and applications in today's material handling

systems. However, traditional approaches to robot controling have had limited success in complicated

environment, especially for real time applications. One of the main reasons for this is that most
traditional methods use a set of kinematic equations to figure out the physical environment of the

robot. In this paper, a neural network model to solve robot manipulator's inverse kinematics problem is

suggested. It is composed of two Self-Organizing Feature Maps by which the workspace of robot
environment and the joint space of robot manipulator is inter-linked to enable the learning of the
inverse kinematic relationship between workspace and joint space. The proposed model has been

simulated with two robot manipulators, one, consisting of 2 links in 2-dimensional workspace and the

other, consisting of 3 links in 2-dimensional workspace, and the performance has been tested by

accuracy of the manipulator's positioning and the response time.
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