REBTEMIERBEHE BB 13 2000% 38 pp. 105-110

S7|ddEe HUASHX| S0l e Hotet MY HEof o

o

A Study of Evaluation of the Feature from Cooccurrence Matrix
and Appropriate Applicable Resolution
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ABSTRACT
Since the advent of high resolution satellite image, possibilities of applying various human
interpretation mechanism to these images have increased. Also many studies about these
possibilities in many fields such as computer vision, pattern recognition, artificial intellegence
and remote sensing have been done. In this field of these studies, texture is defined as a kind
of quantity related to spatial distribution of brightness and tone and also plays an important
role for interpretation of images. Especially, methods of obtaining texture by statistical model
have been studied intensively. Among these methods, texture measurement method based on
cooccurrence matrix ‘is highly estimated because it is easy to calculate texture features
compared with other methods. In addition, these results in high classification accuracy when
this is applied to satellite images and aerial photos. But in the -existing studies using
cooccurrence matrix, features have been chosen arbitrarily without considering feature variation.
And not enough studies have been implemented for appropriate resolution selection in which
cooccurrence matrix can extract texture,
Therefore, this study reviews the concept of cooccurrence matrix as a texture measurement
method, evaluates usefulness of several features obtained from cooccurrence matrix, and
proposes appropriate resolution by investigating variance trend of several features.
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