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Predictive Modeling of River Water Quality Factors
Using Artificial Neural Network Technique
- Focusing on BOD and DO -
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This study aims at the development of the model for a forecasting of water quality in river basins using
artificial neural network technique. Water quality by Artificial Neural Network Model forecasted and compared
with observed values at the Sangju 1 and Dalsung stations in Nakdong river basin. For it, a multi-layer neural
network was constructed to forecast river water quality. The neural network leams continuous-valued input and
output data. Input data was selected as BOD, DO, discharge and precipitation. As a result, it showed that methed
M of three methods was suitable more than other methods by statistical test(ME, MSE, Bias and VER).
Therefore, it showed that Artificial Neural Network Model was suitable for forecasting river water quality.
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Table 2(a). Resuits of the statistical test(Sangju 1)
Factor Method ME (xz}?) (SE/SL Y;?;
I 0.890 0.224 -0.058 -4636
BOD )i 0.929 0.429 -0.100 -7.947
m 0.942 0.173 0.008 0.662
1 0.899 1.135 0.029 0.264
5DO o 0.928 1.137 -0.004 -0.038
o 0.942 0.930 -0.133 -1.208
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Table 2(b). Results of the statistical test(Dalsung)

Factor Method ME (I:f;/% (S:Z) \(7;};
I 0.891 0.352 -0125 -4926
BOD I 0.922 0.302 -0046 -1.806
m 0.945 0.232 -0.029 -1.149

I 0.892 1.000 -0575  -5231
DO il 0.910 0.755 -0213  -1.933
0.949 0487 0.004 0.038
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