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7h AT o] gholl ofsi M A BEghel JaFe # et
MA ool Hal w), = nw/Tw,, a=1,--- 3 2 74Z3ke Bzslxl. 12l a =
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I 5.1: Sweat Data

X X X
Individual Sweat rate Sodium  Potassium

1 3.7 48.5 9.3
2 5.7 65.1 8.0
3 3.8 47.2 10.9
4 3.2 53.2 12.0
5 3.1 55.5 9.7
6 4.6 36.1 7.9
7 2.4 24.8* 14
8 7.2 33.1 7.6
9 6.7 47.4 8.5
10 5.4 54.1 11.3
11 39 36.9 12.7
12 4.5" 58.8* 12.3
13 3.5 27.8 9.8
14 4.5 40.2 8.4
15 1.5 13.5 10.1
16 8.5 56.4 7.1
17 4.5 71.6 8.2
18 6.5 52.8 10.9
19 4.1 441 11.2
20 5.5 40.9 9.4

Source : Johnson and Wichern(1992), p.183

5. =X 0 & £2

FaAHQ o2 oA AZFEAL] M M5 (X, ¢ sweat rate, X; : sodium content, Xj :
potassium content)ell that 20 ] 2FZ(p = 3,n = 20)oll HAEA|A HUT} o] A= &
513 Zow A&gte @8 A7E el A B FEHAE nste F W Fo| 5709
AL %ko e, 7F Bolle #tol AEiE g

M pet £E FHs7] 9l EM g2l EE ol &3t
’-‘i? A7F % gk BF ¢ = 0.00001 8.0 A& o, 71 ghs a0 1R ¢
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flo rE

1.421692 3.883049 -1.839733
i = (4.692802,45.384353,9.965), X = 3.883049 178.486803 —4.047695
—1.839733 —-4.047695  3.446275
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2.355619 6.576853 —2.066137
i = (4.880889,44.820661, 10.055556), Y= 6.576853 106.320618 —5.184738
—2.056137 —5.184738 3.646914
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Detecting Influential Observations in Multivariate
Statistical Analysis of Incomplete Data by PCA

Hyun-Jeong Kim!? Sung-Ho Moon? Jae-Kyoung Shin®

ABSTRACT

Since late 1970, methods of influence or sensitivity analysis for detecting influential
observations have been studied not only in regression and related methods but also in
various multivariate methods. If results of multivariate analyses sometimes depend heavily
on a small number of ohservations, we should be very careful to draw a conclusion. Similar
phenomena may also occur in the case of incomplete data. In this research we try to study
such influential observations in multivariate statistical analysis of incomplete data. Case

of principal component analysis is studied with a numerical example.

Keywords: Principal Component Analysis; Missing Data; EM Algorithm.
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