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ABSTRACT

In this paper, we proposed a discriminative adaptation method for PMC algorithm and achieved improved speech
recognition rate, For the adaptation, we adopted modified PMC(MPMC) which is a variant of PMC and discriminatively
adapted the association factor for each mixture of the HMM in the MPMC. From the recognition experiments, the
proposed method showed better recognition rate than the conventional PMC. Also, compared with STAR algorithm which
is another model parameter compensation method, the proposed method showed superior performance when the SNR is

very low and the adaptation data is not sufficient.
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Fig. 1. Block diagram of PMC process.
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Table 1. Recognition rate of baseline recognizer for noisy
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Tabte 2. Recontion rate of baseline recognizer when the test
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Table 3. Perfrmance comparison between discriminative

adaptation method for MPMC, the conventional

PMC and EM-MPMC method(75 adaptation

words).
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Table 4, Perfrmance comparison between discriminative

adaptation method for MPMC, the conventional

PMC and EM-MPMC method(375 adaptation
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Table 5, Perfrmance comparison between MPMC and STAR
algorithm(75 adaptation words).
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Table 6. Perfrmance comparison between MPMC and STAR
algorithm(375 adaptation words).

Q4 %;V-‘Tﬂ"é 0dB 148 2048 30dB
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non-sterso-STAR 752 84.4 87.6 88.3
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