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ABSTRACT

This paper proposes a delta energy method based on Parameter Filtering(PF), which is a speech segmentation algorithm
for text dependent speaker verification system over telephone line. Our parametric filter bank adopts a variable bandwidth
along with a fixed center frequency. Comparing with other methods, the proposed method turns out very robust to channel
noise and background noise. Using this method, we segment an utterance into consecutive subword unmits, and make
models using each subword unit. In terms of EER, the speaker verification system based on whole word model represents

6.1%, whereas the speaker vetification system based on subword model represents 4.0%, improving about 2% in EER.
Key words: Speacker verification, Segmentation algorithm, Delta energy, Over telephone line
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Fig. 1. Block diagram of filter bank.
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