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Reduction of Number of Free Parameters in Segmental-feature HMM
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It was published that the performance of segmemal feature HMM (hidden Markov model), which uses segmental
features in place of frame features, is better than that of widely used conventional HMM. However, the number of free
parameters is increased by longer segment length and higher tegression order in SFHMM (segmentat-feature HMM). Thus,
in this paper, we propose a modified fixed variance estimation, which commonly uses single variance in a segment, to
reduce the number of parameters. Experimental results show that the difference of the performances between time-varying
variance and fixed variance estimation is small if the appropriate number of mixtures is chosen and also indicate that the

proposed approach is useful.
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