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Abstract

In this paper, a new disparity detection algorithm which is robust to noise is presented. It detects
the disparity of an arbitrary pixel through the iterative competition with neighbor pixels in the range
of disparity.

A diffusion process to improve stereo matching confidence is used prior to detecting disparity of
an arbitrary pixel. It is used for aggregating initial matching measure of the difference map. If the
image region for matching is too small, a wrong match might be found due to noise. On the
contrary, the region is too big, it results in blurring of object boundaries. Therefore, we decide the
image region for matching by using the diffusion process for aggregating matching measure, then
detect the true disparity with proposed competition method to the distribution of matching measure.

Through the proposed method we get the result of improving matching rate of 6.96% with real
stereo imge. From the simulation with the stereo imge, the proposed disparity detection method
significantly outperforms the conventional method to matching rate.
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