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The Cellular Noninear Networks structure for Distance Transform{DT) and the robust optical
flow detection algorithm based on the DT arc proposed. For some applications of optical flows such
as target tracking and camera ego-motion computation, correct optical flows al a few feature points
are more useful than unreliable one at every pixel point. The proposed algorithin is for detecting the
optical flows on the trajectories only of the feature points. The translation lengths and the directions
of feature movements are detected on the trajectorics of feature points orn which Distance Transform
Field is developed. The robustness caused from the use of the Distance Transform and the easiness
of hardware implementation with local analog circuits are the properties of the proposed structure.
To verify the performance of the proposed structure and the algoritbm, simulation has been done
about various images under different noisy environment.
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Fig. 14. Simulation results about the noisy zooming
image
(a) optical flows with the proposed scheme
(h) optical {lows with the conventional
scheme.
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