An Extraction of Moving Object Contour Using
Active Contour Model
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Abstract

In this paper, we propose an extracting method of moving object contour using active contour model from
image sequences acquired by fixed camera. We use an adaptive background model for robust processing in
surrounding conditions. Object segmentation mode]l detects pixels thresholded from local difference image
between background and current image and extracts connected regions. Noises in boundary area of moving
object are eliminated by morphological filter. The contour of segmented object is corrected by using active
contour model for extracting accurate boundary of moving object. We apply the proposed method to

highway image sequences and show the results of simulation.
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