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Performance Analysis of Optimal Neural Network

structural BPN based on character value of Hidden node
Kyung-A Kang®, Kee-Jun Lee*, Chai-Young Jung™
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Abstract

The hidden node plays a role of the functional units that classifies the features of input
pattern in the given question. Therefore, a neural network that consists of the number of a
suitable optimum hidden node has be on the rise as a factor that has an important effect
upon a result. However, there is a problem that decides the number of hidden nodes based on
back-propagation learning algorithm. If the number of hidden nodes is designated very small,
perfect learning is not done because the input pattern given cannot be classified enough. On
the other hand, if designated a lot, overfitting occurs due to the unnecessary execution of
operation and extravagance of memory point. So, the recognition rate is been law and the
generality is fallen. Therefore, this paper suggests a method that decides the number of neural
network node with feature information consisted of the parameter of learning algorithm. It
excludes a node in the pruning target, that has a maximum value among the feature value
obtained and compares the average of the rest of hidden node feature value with the feature
value of each hidden node, and then would like to improve the learning speed of neural
network deciding the optimum structure of the multi-layer neural network as pruning the
hidden node that has the feature value smaller than the average.
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