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Abstract : In this paper, we used the computational task. which consists of 3 level addition calculation difficultics, te induce
the emotional stresses for the 45 college male students. Then the physiological signals are measured from each subject while
he is performing the computational task. We measured the physiological signals to ¢valuate the emotion levels for the
presented computational stresses. To evaluate the cmotion levels which have non-linearity, we used seven physiological
parameters and designed a three-layer emotional evaluation system. We constructed two emotion evaluaticn systems. One used
the Least Mean Square(LLMS) algorithm and thc other used the Radial-Based Functional-link Net{(RBFN) to train cach stage
of the emotion evaluation system. To compare the performance of each system, we used the cross—validation and the achieved
overall performance of LM3 was 63.02 % and that of RBFN was 83.07 %.

Key words ' Emotion evaluation system, Feature extraction, Least Mean square algorithm. Rodial - Based Functienal - link net,
Multi Linear Discriminant Network
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Table 2. The comparison of the performance of each
layer and 3-layer emotion evaluation system
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