S8EA AT A 143 13, 20019, pp. 71-80

AL 5|02 0185 UIE B s Tl 2"

2 ¢k

EA2E HARFL o)g ukS A U 7MY RAAQ gulg Ayngoz =
Hgol e FE4E A= o] 4B h B AANA Aoy I 2
o FAFHE RHH =Y o] ol 2232 233 2AAE HARHEG o] &3}
of ZEFTE FAY ¢ Yk T2 24FL 253 A AH il?—lE*é% o] &3 &
AL dAZE 7= I—}%fé}—*rﬂl et 78 o= Qs v e S F A= &
YT AF ol AstE o, 24FS T8 W] S S Hss) st
HA Grhes AAEE 7R 2 Alﬂ}. E =FAAE o)y EAEL A7 YA =
A2E AR 9HE A o) By g o] 83la] THe] o BAGlol FETML 2H
St U ES Aty 2o 4¥e 59 2382 238 2228 AR5 v 2}

a1 g

Fo80l 2R2Y AARY, WY Y, FERA 24,

SHHTERRE o] ke Agd Y AEFSE FAHG =Y o] HE 2AAH 3
AEHL Cox(1970)7F EAAHE ALY HE 22 AA T o] L E Agreti(1990) = 27
28 BFRYE /P B gutsl APRFole} stgon, ool B S o
wofoll g2 o] gHu it 822l ¢+A = Berry S} Linoff(1997)9] th-4-3F gl oo =7
8h= dlolEvheld 7] (data mining technique) S} Wbz 7] o} | 9le] 2437},
223 24, 34 F5(scoring)AH Fol Qo] RA2H ARG o] gol 32T Yk U
WA o7 x50 1348 THE 13} 22 P RPL GBS OF] DRI}
U g2 a7t et -39 FelE Ueiyo] Atk stA v B AA A Aol &
AT $9Y FAPHE BEH = o] BRole T Zol A5 23482 =F
22k BEAAE ARG S o] 83t FEYTE AL Ak

logit(n(z)) = a + f1z + Paz?

* o] BEL 19999 E 33 214 A Roo] olshel XA L.
1) (151-742) A A Fobp A%, Agofstn E7 54, 2
E-mail: parksh@plaza.snu.ac.kr
2) (135-798) A& A 2+ 4435 159-1, PWC Consulting, +A AN EHE
E-mail: kiho.kim@kr.pwcglobal.com
3) (136-716) Al A] A2 95 935-34, 9|37 ITH, 2




72 A, 7

Raw Data vs Plat Raw Data vs Logistic Regression
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Bell Shape Curve
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Bisection Method
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Raw Data vs Logistic Regression (By Bisection Method)
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Estimation of Asymmetric Bell Shaped Probability

Curve using Logistic Regression*

Sung H. Park? Ki-ho Kim®» So-hyung Lee®

ABSTRACT

Logistic regression model is one of the most popular linear models for a binary
response variable and used for the estimation of probability function. In many practical
situations, the probability function can be expressed by a bell shaped curve and such a
function can be estimated by a second order logistic regression model. However, when
the probability curve is asymmetric, the estimation results using a second order logistic
regression model may not be precise because a second order logistic regression model
is a symmetric function. In addition, even if a second order logistic regression model
is used, the interpretation for the effect of second order term may not be easy. In
this paper, in order to alleviate such problems, an estimation method for asymmetric
probabiity curve based on a first order logistic regression model and iterative bi-section
method is proposed and its performance is compared with that of a second order logistic

regression model by a simulation study.

Keywords: Logistic regression model; Asymmetric bell shape; Estimation of probability

curve.
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