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Recognition of Car Plate using Gray Brightness Variation, HSI
Information and Enhanced ARTZ2 Algorithm
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Abstract

We proposed an enhanced extraction method of vehicle plate, in which both the brightness variation of gray and the
Hue value of HSI color model were used. For the extraction of the vehicle plate from a vehicle image, first of all,
candidate regions for the vehicle plate were extracted from the image by using the property of brightness variation of
the image. A real plale region was determined among candidate regions by the density of pixels with the Hue value
of green and white. For extracting the feature area containing characters from the extracted vehicle plate, we used the
histogram-based approach of individual characters. And we proposed and applied for the recognition of characters the
enhanced ART?Z algorithm which support the dynamical establishment of the vigilance threshold with the generalized
union operator of Yager. In addition, we propose an enhanced 3OSL algorithm which is integrated both enhanced
ART?Z and supervised learning methods. The performance evaluation was performed using 100’s real vehicle lmages
and the evaluation results demonstrated that the extraction rates of the proposed extraction method were improved,
compared with that of previous methods based on brightness variation, RGB and HSI individually. Furthermore, the
recognition rates of the proposed algorithms were improved much more than that of the conventional ARTZ and BP
algorithms.
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