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Distributed Genetic Algorithms for the TSP

IRl
Park Yu Suk

Abstract

Parallel Genetic Algorithms partition the whole population into several
sub-populations and search the optimal solution by exchanging the information
each others periodically.

Distributed Genetic Algorithm, one of Parallel Genetic Algorithms, divides a large
population into several sub-populations and executes the traditional Genetic
Algorithm on each sub-population independently. And periodically promising
individuals selected from sub-populations are migrated by following the migration
interval and migration rate to different sub-populations.

In this paper, for the Travelling Salesman Problems, we analyze and compare
with Distributed Genetic Algorithms using different Genetic Algorithms and using
same Genetic Algorithms on each separated sub-population.

The simulation result shows that using different Genetic Algorithms obtains better
results than using same Genetic Algorithms in Distributed Genetic Algorithms.
This results look like the property of rapidly searching the approximated optima
and keeping the variety of solution make interaction in different Genetic

Algorithms.
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2.1 38 #oY¥E A (Traveling Salesman Problem)

i,7 E=AIALelY) A7 uxp A ®E

n7jel LE=A7F Folzjn

{5

Aol M 7Hd Hao AR BE EAE ¢ 394 AAN

Njn
g

2
)
of
%)
pilg

™
[aN]

el 7je] RERIGOR o]l M2 F

N
u;

FE Fe Zol HEAMNA o8 A4t

7h 2 (Super Individual)7} 7 )

e IR E

4],

o

5

o

t

pild

yi

J
-y

BR

——
o

|

ol

—_—
o

< gdAEH

HrRoZ 1 o] ¢
T Zd2A4 Cellular 3¢

S

bo =

3]

AzTEZ A

i

ghoH4].

e

=
=]

—

z
L4

B3 |3
Al |
e S R (5
ol & 2] B
‘ L K
R
V.Il I "
| >
]
o
o 3
W /- U %
il R Pl
a 50)T o ¥ Cw
o n3 M ) mem_.
¥ ¢ p AR
M i i
g

No




194 22 gAGRAE TSP 44 o4

23 CoPDEB(Co-operating population with different evolution behaivours)
Qutael ¥4 fALTYF0l A PREYT 2L AP Agse o
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