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Noise Removal of Images Using the Median Rule Cellular Automata
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Abstract

In this paper we propose a noise reduction algorithm which based on cellular automata with
the local median rule. It is supposed that there is no information about the features of the
image that must be improved. The proposed method behavior is to locally increase or decrease
the gray level differences of the image without loss of the main characteristics of the image.
The dynamical behavior of these automata is completely determined by Lyapunov operators for
sequential and parallel update. We have found that the automata present very fast convergence
to fixed points, stability in front of random noisy images. Based on the experimental results we
discuss the advantage and efficiency.
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Fig. 1 Local evolution of proposed rule
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