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ABSTRACT

In conventional boolean retrieval systems, document ranking is not supported and similarity coefficients
cannot be computed between queries and documcnts. The MMM, Paice and P-norm models have been
proposed in the past to support the ranking facility for boolean retrieval systems. They have common
properties of interpreting boolean operators softly. In this paper we propose a new soft evaluation method
for Information retrieval using query splitting relevance feedback model. We also show through
performance comparison that query splitting relevance feedback(QSRF) is more efficient and effective than
MMM, Paice and P-norm.
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Table 1. Retrieval Effect Comparison(Unit: Precision)
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