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An Efficient Tree Structure Method for Mining Association Rules

Chang-Oh Kim - Kwang-Il Ahn - Seong-Jip Kim - Jae-Yearn Kim

Department of Industrial Engineering, Hanyang University, Seoul

We present a new algorithm for mining association rules in the large database. Association rules are the
relationships of items in the same transaction. These rules provide useful information for marketing. Since
Apriori algorithm was introduced in 1994, many researchers have worked to improve Apriori algorithm.
However, the drawback of Apriori-based algorithm is that it scans the transaction database repeatedly. The
algorithm which we propose scans the database twice. The first scanning of the database collects frequent length
I-itemsets. And then, the algorithm scans the database one more time to construct the data structure
Common-Item Tree which stores the information about frequent itemsets. To find all frequent itemsets, the
algorithm scans Common-Item Tree instead of the database. As scanning Common-Item Tree takes less time than
scanning the database, the algorithm proposed is more efficient than Apriori-based algorithm.
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thgapel BlolEulolzel 4o Rk HRE WA e A7
EokE Hlol who|d(data mining)o2tal Ft}. HoJ¥ rlo]
WAA A EE 7THe2E Al vhY £ A (market basket
analysis), 7 3Hclustering), 21737 £A(artificial neural net-
work), 28] 1 2]A} A L}F-(decision tree) 50] UTHM. Berry
and G. Linoff, 1997). T E9jM«< w3t 7|&9] @A, A&
7t= A e S22 Q& 2 E0] od AF-& FYsteA|
e B2 Y= JREo] A4, FHE vlolE W o] 2
AREHL, 71952 ol BEES vt H8-317] Y3l
=33 gik 53] a7o] ¢ FY3te AFE 2l EA
3 AETTAE Fople AFE AR vy £l
FE0 A& 59, W& 743 1 F 8% /& @
T o 2 FA S HE ) e Aol

o] Bl o] 2ol M &3 FHitemset)ol| M o] A& &

A8 Y= A= Agrawal ef al. (1993)9)] 23] 2 A=A
3, A EE WAEUs Apriori €3 E]E(Agrawl and
Srikant, 1994)0] HEF o]E 2 AprioriE 2AE 3 A83<
G EE0] t4 A A = ek DHP HHi(J. Park ef al., 1995)
& A Hlo|&& o] &3] Apriori ¢1LE]F F ZAo]7} 2% FH
32 2] Sl(candidate itemset) YA 9] B8-S =11, DIC(Brin et
al., 1997)¢} DICIP(Tang, 1998)E Blo|EHjo]AS o A=
& &(partition)3t] djo|Efu|o] A5 HA AT 18|11 HF
Z 2 X(categorical attributes)] B o] ¥ Bt ol]} 27 &
AJ(numeric attributes) HlolE9] ABTH S Fe duUF
(Srikant and Agrawal, 1996), A3 E(taxonomy : is-a hierarchy)
g o83 dvrsle AAtAE Fe ¢aE|E(Srikant and
Agrawal, 1995), -E-7+2] £2}3 9| E(sequential pattern)-S X
© &12]E(Srikant and Agrawal, 1996; Zaki, 1998), 7813} &
Z|(update and maintenance)E 3+ Y17 E(Cheung et al,
1996), AH&-A} A SH(user-defined constraints)S T3+ ¢z
E(Srikant et al., 1997), &27e] F713 <A (cyclic attributes)
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