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Blind Source Separation Algorithm using the Second-Order Statistics
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Abstract

The problem of blind signal separation of independent sources consist in retrieving the source from the
observation of unknown mixtures of unknown sources. In this paper, we propose a technique for blind signal
separation that can extract original signals from their non-stationary mixtures observed in a ordinary room. The
proposed method implements blind signal separation by minimizing a non-negative cost function that achieves the
minimum when the second-order cross-correlation value of the observed signals becomes zero. The validity of the
proposed method has been verified by a computer simulation and experiment that extracts two source signals from
their mixtures observed in a normal room.
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