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Abstract

Recently, many companies have applied data mining techniques to promote
competitive power in the field of their business market. In this study, we address
how data mining, that is a technique to enable to discover knowledge from a deluge of
data, is used in an executed project in order to support decision making of an enterprise.
Also, we develope scoring model on customer attrition probability for automobile-
insurance company using data mining techniques. The development of scoring model in
domestic insurance is given as an example concretely.
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AES M2e BYR AAE stdsta 2ARAS F8shs] A dole ol shAlE (Database
Marketing)®] Y#o2 AR ol ¥A, 42¢ BIYEF AL 2 A5% Y AQ A=
9 hgel AW 71golT Atk ol BRI B AT ZHe 1A oY WA 1 2WE
97, dolEvtol e BEstol 133 SiE AEA gAY A2Y3 GF A BF F
28 240 9 & 3t ABA BY LA oY 3oy RAY AL s

ol @ - b o
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Ay, TzAE MNP o2A CRISP-DM Y 2(Pete and Julian, 1999)c] &= A,
tolElrtold AT EY o2 SASALS Enterprise Miner 4.0 ©] &3FATH(SAS, 1997).
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4.2 dolg AA R FAWs A4

w748 Al BHEE HEE X = ZSg(missing value) B LHFE FHofgt F A
12 A3k 2 279 v &o] 90% o] He
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<a¥Y 5-1> By BEE,
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Regression .70 Scoring
L,| Testing Mart
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v 71 15,876 27,398 43,274 6,678 12,006 18,684
71} 4,571 57,155 61,726 1,982 24,334 26,316
A 20,447 84,553 105,000 8,660 36,340 45,000
Prior Distribution @ 58.79% | Prior Distribution : 58.48%
St AEHFE 1 69.55% H2E YRR 0 68.92%
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<E 5-1>2 % 239 "H2E Az FEY EFHEeIY gF AH HRFEL 69.55%
olx, HAE AR HEFEL 6892%2 AU YIS & 4 AUrk o] o 58§ P A

B A dRE AHEY OS2

D ALAE7 AGHaRo]d o|ggo] 92.7%0°|t}.

@ A7t ol FAAEIIYAHol 4dolH o2& 249%°]Th
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ZAAE FARANA HEMAN L Stepwise W, 71EEAFL AIC(Akaike's Information
Criterion) & A ®3sF 3 oju Hex= Hge AAHE A9 FAFFo2e 447 15%, 5% E
AAQstEth &4 2 & 2A2E 3ARHES AAS A= <FE 5-2>9 2ok

<E 5-2> ZA2E AR o3t ¢HE ZP] S EFHE
= sty dx HAE A3
AA v 719} 71y A 0] 7} 9} 744 A

v 7+l 21,947 12,116 34,063 9,508 5,252 14,760
713 8,242 21,256 29,498 3,531 8,950 12,481
Rl 30,189 33,372 63,561 13,039 14,202 27,241

Prior Distribution @ 46.41% | Prior Distribution : 45.82%

a5 AEFE  67.97% H2E HBES : 67.76%

54 A7% ¥4 A%

MAT Ao A= Neural Network =292 MLP(multi-layer perceptron) &1 &l &2 A}%é}&i
on YEYIY TzE 22U (7] 2 SYnE 2 FASYD, Yrx SHL OEEZ &
FsAh FER By Ui AAY FAY A <& 53> #Zrh
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2 A u] 749} 719 A u} 7} 71 A
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719} 8,824 43,587 52,411 3,721 18,746 22,467

A 34,055 70,945 | 105,000 | 14,466 30,534 45,000

Prior Distribution : 49.92% | Prior Distribution : 49.93%
o5 BEFE  65.54% HAE HEFE 1 65.54%
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EHAN GARAAGFEEA 2 AZY EAEY 2A2E HARYY HEFE A O 7
AL 2 £ ok s Hold A &7 oS vjkstn 2dol AT Alaw oAy 9 g
FAoMo &8 Lo e TElste YAAARAUFTEAMRHE 174 23y ALEE HF E¥
oz Adslgt <ad 5-3>9 FZE EE(ift chart)x= Hlo]Hulo)Y S 8 d& & A= o]
g BoFy Ed, gAML 23S Musr|d FAHE A4 FEPS o HEES U
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517] wpgho)),
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= 69.55% 68.92%
A A AR 23tq 66.80% 66.31%
3128 67.28% 67.18%
22 2E %_ £ 70.35% 69.98%
R 23t 67.97% 67.76%
LA 328 68.49% 68.30%
= & 69.80% 69.50%
A3 84 >R 61.08% 61.12%
3}ER 65.54% 65.54%
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