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A Comparison on the Efficiency of Data Mining
Softwares

Sang-Tae Han? Hyuncheol Kang? Seong-Keon Lee® Duck-Ki Lee?)

ABSTRACT

Data is being generated at an ever increasing rate in recent years, mainly due to
technological advances in system architecture, processor speed, and storage structures.
In this respect, data mining has attracted considerable attention and many commercial
softwares for data mining have been developed. In this study, we compare the differ-
ences of functions and efficiency of application about several commercial data mining
softwares which are widely used in real field.
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