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Parameter Identification Using Hybrid Neural-Genetic Algorithm in
Electro-Hydraulic Servo System

Dong-Hoon Kwak*, Bong-Ho Jung*, Choon-Tae Lee’ and Jin-Kul Lee™

ABSTRACT

This paper demonstrates that hybrid neural-genetic multimodel parameter estimation algorithm can be applied
to structured system identification of electro-hydraulic servo system. This algorithm are consist of a recurrent
incremental credit assignment (ICRA) neural network and a genetic algorithm. The ICRA neural network evaluates
each member of a generation of model and genetic algorithm produces new generation of model. We manufactured
electro-hydraulic servo system and the hybrid neurai-genetic multimodel parameter estimation algorithm is applied
to. the task to find the parameter values(mass, damping coefficient, bulk modulus, spring coefficient) which

minimize total square error.
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Fig. 1 Schematic of electro-hydraulic servosystem
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