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Similarity-Based Subsequence Search
in Image Sequence Databases

Inbum Kim? - Sanghyun Park'

ABSTRACT

This paper proposes an indexing technique for fast retrieval of similar image subsequences using the multi-dimensional time warping distance.
The time warping distance is a more suitable similarity measure than Lp distance in many applications where sequences may be of different
lengths and/or different sampling rates. Our indexing scheme employs a disk-based suffix tree as an index structure and uses a lower-bound
distance function to filter out dissimilar subsequences without false dismissals. It applies the normalization for an easier control of relative weighting
of feature dimensions and the discretization to compress the index tree. Experiments on medical and synthetic image sequences verify that the
proposed method significantly outperforms the naive method and scales well in a large volume of image sequence databases.
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AT AR AlH29 FAF AAe] e ge AT}
AAUT dFEH o2 Ax Aldx WS sgsts F-
Index[2])7} SIth oA WA AYAES o) Fgo W3
(Discrete Fourier Transform)& o]-&3) tiztgl A9 AHE
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o|F g vhAt Aol HoE W F o] orHE UA
T A ol X HES oM TR PP X%
Azich AaZA8olME F-Index® M B AEA w3 L
A3 AHESET ol BREL FFYU= AYE A4
NEOE AESY] wZel Hojrp dAshA ¥AY A
Bl go] 7h Al Az HetA gt

EEE e g fAF AAS 837 S8 BT E (normal
form)& o]&3tE A7 ZuRAR01NAM AAHHACE o
At 2AYF Y AZ"EF e dgto] Yo E A
Ao Afge] WANR gegde 42S o&sg 2
Bup AlF2rt A7 o2 AEHAY AFHE ALdE
AMEE H4E £ Uk 92 98-S Ao dojo 2

OlOIK) Al CIOIEHIOIANIAML] FAY 718t MEAIRA ZAM 509

71 A& s&ste AT/t FLEAB2A L=
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