2 o

2 o) AE AlxE oA 7bA 223 24
A E R (goal)E

3 gAe) 2R ESHO2 A7 A4 N2 e
E2 Aojslr] flal 23 B5e o851, oo HE

= o o] HET} /‘132‘{ A9l
A3 A T E o] dEE T %‘—%(Colhslon
ek Xﬂ?l?l"i}. Atd Aol MFL vhF oold
E 2] A@AS) 37 #AE 3t

& 5 (coordination)& E3l

2 YRS Aolth B =golAE o]

Multi-Agent Control Strategy using Reinforcement Learning

Hyeong-il,

ABSTRACT

'
Lee

The most important problems in the multi-agent system are to accomplish a goal through the efficient
coordination of several agents and to prevent collision with other agents. In this paper, we propose a
new control strategy for succeeding the goal of a prey pursuit problem efficiently. Our control method
uses reinforcement learning to control the multi-agent system and consider the distance as well as the
space relationship among the agents in the state space of the prey pursuit problem.

Key words: intelligent agent, reinforcement learning, machine learning
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