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(Comparison of feature parameters for emotion
recognition using speech signal)
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Abstract

In this paper, comparison of feature parameters for emotion recognition using speech signal is
studied. For this purpose, a corpus of emotional speech data recorded and classified according to
the emotion using the subjective evaluation were used to make statical feature vectors such as
average, standard deviation and maximum value of pitch and energy and phonetic feature such as
MFCC parameters. In order to evaluate the performance of feature parameters speaker and context
independent emotion recognition system was constructed to make experiment. In the experiments,
pitch, energy parameters and their derivatives were used as a prosodic information and MFCC
parameters and its derivative were used as phonetic information. Experimental results using vector
quantization based emotion recognition system showed that recognition system using MFCC
parameter and its derivative showed better performance than that using the pitch and energy
parameters.
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Fig. 1. Block diagram of the emotion recognition
system using vector quantization.
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Fig. 2. Block diagram of emotion recognition system.
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Table 1. The result of subjective evaluation.
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Table 3. Performance evaluation of emotion
recognition  system using  vector
quantization.
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