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A Criterion on Profiling for Anomaly Detection
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ABSTRACT

Internet as being generalized, intrusion detection system is needed to protect computer system from
intrusions synthetically. We propose a criterion on profiling for intrusion detection system using anomaly
detection. We present the cause of false positive on profiling and propose anomaly method to control this.
Finally, we propose similarity function to decide whether anomaly action or not for user pattern using pattern

database.
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Fig. 1 Activities on intrusion detection system
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