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The Grid Pattern Segmentation Using Hybrid Method
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ABSTRACT

This paper presents an image segmentation algorithm to obtain the 3D body shape data that the grid pattern and the body
contour line in the background image are extracted using the new proposed hybrid method.

The body contour line is extracted based on maximum biased anisotropic recognition(MaxBAR) algorithm which recognizes the
most strong and robust edges in the image since the normal derivative at the edges is large, while the tangential derivatives can
be small. The grid patterns within body contour lines are extracted by grid pattern detection (GPD). The body contour lines and
the grid patterns are combined. The consecutive run test based on heuristic method is used to link the disconnected line and
reduce noise line.

This proposed segmentation method is more effective than the conventional method which uses a gradient and a laplacian
operator, verified with application two conventional method.
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