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(New application of Neural Network for DC motor speed control)
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Abstract

We know that Neural Network is in use in many control fields. In time of using as controller, Neural
Network controller is needed to leaming by Input-output pattern. But in many times of control field, we can not
get Input-output pattern of Neural Network controller. As a method solving this problem, in this paper, we try
New control method that output node of Neural Network bringing control object.

Such a New control method application, we can solve the data taking problemn to Neural Network controller
Input-output. The effectiveness of proposed control algorithm is verified by simulation results of DC servo
motor.
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Fig. 2. Output node Block diagram of Delta
learning
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