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Abstract

This paper propose a facial recognition method based on an ubiquitous computing that is one of next generation
intelligence technology fields. The facial images are acquired by a mobile device so-called cellular phone camera. We
consider a mobile security using facial feature extraction and recognition process. Facial recognition is performed by
the PCA and fuzzy LDA algorithm. Applying the discrete wavelet based on multi-resolution analysis, we compress
the image data for mobile system environment. Euclidean metric is applied to measure the similarity among acquired
features and then obtain the recognition rate. Finally we use the mobile equipment to show the efficiency of method.
From various experiments, we find that our proposed method shows better results, even though the resolution of
nobile camera is lower than conventional camera.
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