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Abstract

This paper presents an intelligent iris recognition system which consists of quality check, iris localization, feature
extraction, and verification. For the quality check, the local statistics on the pupil boundary is used. Gaussian mixture
model is used to segment and localized the iris region. The feature extraction method is based on an optimal
waveform simplification. For the verification, we use an intelligent variable threshold.
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Fig. 1. Detection of inner and outer boundary of iris.
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Fig. 2. Localized iris images.
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Fig. 3. Process of feature code generation.
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Fig. 4. Wavelet feature generation using curve
simplification algorithm,
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Fig. 5. Criterion of edge collapse.
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Fig. 6. Registration procedure of intelligent ins
recognition system using variable threshold values.
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Fig. 7. Verification procedure of intelligent iris

recognition system using variable threshold values.
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Fig. 8. Similarity distribution: (a) zero crossing method,
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