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In retrieving large database of image data, the clustering is essential for fast retrieval. However, it is difficult to

cluster a number of image data adequately. Moreover, current retrieval methods using similarities are uncertain of retrieval
accuracy and take much retrieving time. In this paper, a suggested image retrieval system combines Fuzzy ART neural network
algorithm to reinforce defects and to support them efficiently. This image retrieval system takes color and texture as specific
feature required in retrieval system and normalizes each of them. We adapt Fuzzy ART algorithm as neural network which
receive normalized input-vector and propose improved Fuzzy ART algorithm. The result of implementation with 200 image data

shows approximately retrieval ratio of 83%.
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$ 1. ART1¥} Fuzzy ART §A} H]5.
Table 1. A similarity comparison between ART1 and fuzzy art.
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Fig. 2. A diagram of leamning algorithm using propsed fuzzy art.
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3 2. 2% 7H—r°ﬂ Hl}-—— 0:]}‘ %E
Table 2. An image retrieval ratio depending on number of F2-layers.
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Table 3. A performance comparsion between fuzzy art and

enhanced fuzzy art.
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