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Detection of Rotor Position at Standstill for a TSRM Using
Neural Network
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Abstract

In this paper, detection of rotor position at standstill of toroidal switched reluctance motor(TSRM) with built-in search
coils using neural network is proposed. When search coils are used as a position sensor, it has many advantages like
low cost, decrease in the volume, high robust characteristics and wide applications. However, the initial rotor position
detection is very difficult because the search coil’s EMF doesn’t exist at standstill. In this paper, detection of initial

rotor position of TSRM with built-in search coils using neural network is suggested.

The experiment for the

proposed method are presented. As a result of that, the accuracy and validity of the proposed method is verified.
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Real Rotor Position{Elec. Angle vs Mech. Angle)
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