ATMFE o|&¢& 949 FE£F YR o] &t d7
A Study of Resolving the Over Segmentation in Image
using ATMF
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ABSTRACT

Video segmentation is an essential part in region—based video coding and any
other fields of the video processing. Among lots of methods proposed so far,
the watershed method in which the region growing is performed for the
gradient image can produce well-partitioned regions globally without any
influence on local noise and extracts accurate boundaries. But, it generates a
great number of small regions, which we call over segmentation problem.
Therefore we proposes that adaptive trimmed mean filter for resolving the

over segmentation of image.
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[Fig. 1] Image segmentation using
Mathematical Morphology
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