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Abstract

The Improving Method of Facial Recognition
Using the Genetic Algorithm

Kyoung-Yul Bae*

As the security system using facial recognition, the recognition performance depends on the
environments (e. g. face expression, hair style, age and make-up etc.) For the revision of easily changeable
environment, it's generally used to set up the threshold, replace the face image which covers the threshold
into images already registered, and update the face images additionally. However, this usage has the
weakness of inaccuracy matching results or can easily active by analogous face images. So, we propose
the genetic algorithm which absorbs greatly the facial similarity degree and the recognition target variety,
and has excellence studying capacity to avoid registering inaccuracy. We experimented variable and similar
face images (each 30 face images per one, total 300 images) and performed inherent face images based
on ingredient analysis as face recognition technique. The proposed method resulted in not only the
recognition improvement of a dominant gene but also decreasing the reaction rate to a recessive gene.

Key words : Biometrics, Facial Recognition, GA-based Eigenface Algorithm

* Dept. of Software, Sang-Myung University
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