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Abstract

Product Recommender System for Online Shopping
Malls using Data Mining Techniques

Kyoung-jae Kim* - Byoung-guk Kim*

This paper presents a novel product recommender system as a tool for differentiated marketing service
of online shopping malls. The proposed model uses genetic algorithm, one of popular global optimization
techniques, to construct a personalized product recommender system. The genetic algorithm may be useful
to recommendation engine in product recommender system because it produces optimal or near-optimal
recommendation rules using the customer profile and transaction data. In this study, we develop a prototype
of Web-based personalized product recommender system using the recommendation rules from the genetic
~ algorithm. In addition, this study evaluates usefulness of the proposed model through the test for user
satisfaction in real world.

Key words : Product recommender system; Genetic algorithm; Customer relationship management; Data

ining
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