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Rated power 300W
Rated RPM 3750rpm
Stator outer radius 50mm
Axial length 100mm
Stacking length 50mm
Magnet Nd-Fe-B
Time rating 5 minutes
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Solutions Case 1 Case 2 Case 3
Efficiency [%] 69.13 69.14 69.05
Back-EMF [V] 11.04 1345 15.01

Ns 54 66 72
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Im [mm] 250 2.41 2.71
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Winding Temperature [(C]| 1295 1314 1326°
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