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Robust Speech Recognition Parameters for Emotional Variation
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Abstract

This paper studied the feature parameters less affected by the emotional variation for the development of the robust
speech recognition technologies. For this purpose, the effect of emotional variation on the speech recognition system
and robust feature parameters of speech recognition system were studied using speech database containing various
emotions. In this study, LPC cepstral coefficient, mel-cepstral coefficient, root-cepstral coefficient, PLP coefficient,
RASTA mel-cepstral coefficient were used as a feature parameters. And CMS and SBR method were used as a
signal bias removal techniques.

Experimental results showed that the HMM based speaker independent word recognizer using RASTA mel-cepstral
coefficient and its derivatives and CMS as a signal bias removal showed the best performance of 7.056% word error
rate. This corresponds to about a 52% word error reduction as compare to the performance of baseline system using
mel-cepstral coefficient.
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